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Abstract

We study the impact of being introduced to a new financial product on attitudes to-
wards existing financial products. We conduct a randomized controlled trial in Rwanda
where participants are randomly assigned to receive a cash grant either in the form of
cash or a transfer to a new financial product, a mobile-money-linked savings account,
that strictly dominates both mobile money and traditional savings accounts. We find
that being introduced to the new product adversely affects people’s perceptions of other
formal financial products. Our findings suggest that financial innovation may have an
adverse effect on consumers’ trust in traditional financial products.
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1 Introduction

Recent decades have witnessed rapid financial innovation, marked by the rise of fintech firms
that offer faster, cheaper, more convenient, and more accessible financial products to con-
sumers. Meanwhile, there has been considerable debate regarding the declining trust in
traditional financial institutions since the financial crisis. Many commentators and studies
have argued that the lack of trust in traditional finance is an important driver of fintech adop-
tion by consumers.! However, introducing new — and better — financial products may directly
contribute to the deterioration of consumer perceptions of traditional financial products, by
shifting the reference points in expected product quality.? Studying the causal relationships
between new product introductions and perceptions of existing financial products is difficult,
as financial innovation happens endogenously and is likely affected by perceptions of existing
products.

In this paper, we study the impact of being introduced to a new financial product on
attitudes towards existing financial products. We conduct a randomized controlled trial
(RCT) in Rwanda, where we study how being introduced to MoKash, a mobile-money-
linked savings product, affects people’s attitudes towards existing formal financial products
and informal financial solutions, such as a savings groups. In this experiment, participants
are randomly assigned to receive a cash grant either in the form of cash or a transfer to a
MoKash. We then measure participants’ perceptions of various financial products over time.
Importantly, MoKash can be considered a product that dominates existing alternatives,
offering the convenience of mobile money combined with the interest offered by banks. It is
a simple, text-message-based service built on top of the existing mobile money infrastructure
by MTN, a mobile operator, and NCBA, a commercial bank. MoKash allows users of mobile

money to earn interest and unlocks access to loans. The interest rates earned by depositors

1See, for example, Goldstein, Jiang, and Karolyi (2019) on fintech in general, Yang (2025) on fintech
loans, and Yermack (2015) on digital currencies.

2See, e.g., Gneezy, Gneezy, and Lauga (2014), Hsee and Leclerc (1998), Loken, Barsalou, and Joiner
(2008), Bordalo, Gennaioli, Lanzani, and Shleifer (2025).



(who can withdraw their money at any time) typically exceed or match those offered by
banks on fixed-term deposits while offering the convenience of being linked to the mobile
money ecosystem, which enables quicker and easier transfers than the traditional banking
system.

We run our RCT in collaboration with Kepler College, a higher learning institution in
Rwanda, with the subjects being students at Kepler College. We work with students at
two of Kepler College’s campuses, one in Kigali and the other at Kiziba refugee camp.?
The students in Kigali are relatively well-off (by local standards), whereas the students in
Kiziba are all from refugee backgrounds. Our participant population has some, but limited,
exposure to formal financial products. All students across both campuses have bank accounts
as these are required by Kepler College and almost all use mobile money, but very few have
significant exposure to other formal financial products. In this RCT, we divide subjects
into three groups: a cash grant group where participants receive cash, a MoKash group
where they receive an equivalent transfer to a MoKash account and an “incentivized use”
group where participants receive a transfer to a MoKash account with the promise of a bonus
payment if they can show us that they have maintained a minimum balance on their MoKash
account.

We find that being introduced to MoKash results in more negative views on existing
formal financial products. People who receive a grant in the form of a transfer to the
MoKash account instead of in cash tend to perceive mobile money and banks as being more
expensive, less convenient, and more difficult to use than those who receive cash. They
also trust both mobile money and banks less than the recipients of cash. We do not find
similar significant effects of perceptions of savings groups, an informal financial product, nor
perceptions of microfinance institutions.

These findings are consistent with the new, better, financial product shifting participants’

expectations of financial product quality i.e., the reference point. This idea is supported by

3While we pool these groups for our analysis, having the two student populations allows us to confirm
that the main findings are qualitatively similar regardless of socioeconomic status.



a large literature in behavioral economics and finance showing that reference points matter
(e.g., Kahneman and Tversky, 1979; Odean, 1998; Barberis, 2013). A body of marketing
literature also documents the importance of reference points in product quality assessments
(e.g., Gneezy et al., 2014; Hsee and Leclerc, 1998). This is also related to categorization,
where consumers associate all financial products with similar experiences and lump them into
one category (e.g., Loken et al., 2008). Bordalo et al. (2025) provide a recent formalization
in behavioral science and economics. While the idea that reference points matter is not new,
our results point to potentially important implications in the context of financial innovation
that have not been explored by prior work.

We also ask participants about their preferred financial products for saving and borrow-
ing. Given that our sample consists of students, we expect that the actual usage of savings
and borrowing products would be relatively low, so we focus on preferences in hypothetical
scenarios.* However, we also examine actual usage as a secondary outcome. In addition, we
assess participants’ attitudes toward risk and debt. The introduction of MoKash is associ-
ated with a reduced likelihood of participants selecting banks as their preferred saving tool.
However, we find no statistically significant effect on preferred borrowing tools or account
balances among MoKash, mobile money, and bank accounts. Similarly, we find no changes in
participants’ levels of risk- or debt-aversion, two proxies of broader attitudes towards finance.

Our paper is related to several strands of literature. First, it contributes to studies
documenting how experiences with one financial product can spill over into others or alter
preferences. For instance, Gurun, Stoffman, and Yonker (2018) and Célérier and Tak (2025)
find that being exposed to fraud through one financial institution leads to lower use of
formal financial products, even many years later. Brown, Cookson, and Heimer (2019) find
that early-life exposure to financial institutions leads to better credit market outcomes and
financial inclusion, though this effect may not be driven solely by attitudes. A large literature

in marketing has studied the impact of credit cards on spending (see, for example, Prelec

4We pre-registered these as our primary outcomes, with usage rates as secondary outcomes.



and Simester, 2001). Hong, Lu, and Pan (2025) show that the expansion of AliPay, a Chinese
payment app, increases stock market participation by altering risk preferences. These effects
can also be seen beyond financial outcomes. For example, stock ownership can affect political
views (Kaustia, Kniipfer, and Torstila, 2016; Jha, 2015) and risk attitudes (Dalton, Nhung,
and Riischenpohler, 2020). We provide causal evidence that being exposed to a new (better)
financial product affects views of existing products, suggesting that these views are jointly
formed.

Our findings suggest that introducing a better financial product makes consumers per-
ceive existing products less favorably. This is consistent with prior work on the importance
of reference points in economics and finance (e.g., Kahneman and Tversky, 1979; Odean,
1998; Barberis, 2013) and in other product markets (Gneezy et al., 2014; Hsee and Leclerc,
1998). It is also consistent with the theory of categorization, where consumers associate all
financial products with similar experiences and lump them into one category (Loken et al.,
2008; Bordalo et al., 2025). Our findings may also have implications for cross-selling of
financial products (e.g., Basten and Juelsrud, 2023; Qi, 2024).

Second, we contribute to the literature on the implications of financial innovation (e.g.,
Lerner and Tufano (2011), Lerner (2006), Tufano (2003), Batista and Vicente (2025)) and
its relationship with perceptions of traditional financial products. A number of papers argue
that distrust of traditional banks contributed to the adoption of various fintech products
(Yermack, 2015; Goldstein et al., 2019; Yang, 2025; Saiedi, Mohammadi, Brostrém, and
Shafi, 2020; Bertsch, Hull, Qi, and Zhang, 2020), although the evidence is mixed (e.g., Okat,
Paaso, and Pursiainen, 2025). Many studies show that fintech firms use novel technology that
may provide them with competitive advantage in credit analysis (e.g., Berg, Burg, Gombovié,
and Puri, 2020; Iyer, Khwaja, Luttmer, and Shue, 2016), customer experience (e.g., Fuster,
Plosser, Schnabl, and Vickery, 2019), and ability to address underserved clienteles (e.g.,
Tang, 2019). Despite the rapid rise of technology-based lending (Sutherland, 2020; Vallée

and Zeng, 2019), there is also evidence that augmenting machine-based credit models with



additional human discretion can be useful in predicting credit risk (Costello, Down, and
Mehta, 2020).° Our findings suggest that technological innovation may, in part, contribute
to the decrease in trust in traditional financial products. In related work, Brunnermeier,
Limodio, and Spadavecchia (2023) show that introducing interoperability and thus more
competition across mobile money operators may have unintended consequences in the form
of decreases in network coverage.

More broadly, our findings contribute to understanding the role of technology and tech-
nological change in banking services (e.g., Berger, 2003; Berger and DeYoung, 2006). A
number of papers show that technology was a major factor in bank performance during
the COVID-19 pandemic (Core and Marco, 2024; Kwan, Lin, Pursiainen, and Tai, 2024;
Nicola Branzoli, 2024). Pierri and Timmer (2022) find that higher pre-crisis PC adoption
by banks is associated with lower levels of non-performing loans during the financial crisis
of 2008-2009. D’Andrea and Limodio (2022) study the introduction of high-speed internet
on private-sector lending by banks. Basten and Ongena (2024) find evidence of banks using
online platforms to increase geographic diversification. Ahnert, Doerr, Pierri, and Timmer
(2025) find that banks’ IT adoption can spur entrepreneurship.

Our study is also related to the literature on fintech and financial inclusion. Prior work
in development economics has primarily focused on how new financial products, such as
mobile money, can enhance financial inclusion by lowering transaction costs associated with
delivering financial services (Donovan, 2012; Suri and Jack, 2016) or improving information
sharing (Ouyang, 2023). While these factors are important, there may be additional ways
that exposure to a new financial product can change attitudes towards existing ones. For
instance, Bachas, Gertler, Higgins, and Seira (2021) find that after the Mexican government
began making cash transfers via debit cards, recipients reported higher levels of trust in the
issuing banks.

Finally, our paper is related to the literature on the unintended consequences of financial

®Buchak, Matvos, Piskorski, and Seru (2018) argue that a large factor in the rise of the fintech lenders is
regulatory arbitrage.



inclusion. One important concern associated with financial inclusion in developing countries
is over-indebtedness which is often cited as a serious problem leading to negative outcomes
such as deteriorating health, higher divorce rates, and job loss (Fanta and Makina (2019)).
Naidoo (2016) presents several case studies illustrating how easy access to bank accounts may
inadvertently reduce overall value by diverting time from other valuable activities. Moreover,
it has been argued that financial inclusion may trigger a financial crisis by accelerating credit
expansion to the poor (Garcia and José, 2016). We contribute to this literature by showing
how forced inclusion in a specific financial product may reduce the usage of other financial
products, resulting in an ambiguous overall effect on financial inclusion.

Our findings have important implications for policy. Adoption of formal financial prod-
ucts remains relatively low in the developing world.® While fixed costs of adoption are
frequently cited as barriers to financial inclusion, attitudes and beliefs about finance also
play an important role in the limited usage of these products. As governments around the
world are increasingly putting in place policies that introduce people to basic financial prod-
ucts and integrate them to the formal financial system, understanding the spillover effects
they might have on other financial product. For instance, the Indian government opened
255 million basic savings accounts for its citizens via the Pradhan Mantri Jan Dhan Yo-
jna program (Agarwal, Alok, Ghosh, Ghosh, Piskorski, and Seru, 2017) and the Mexican
government introduced debit cards as a part of the Oportunidades cash transfer program
to make accessing formal bank accounts easier (Bachas et al., 2021; Higgins, 2024). Re-
cently, Rwanda made it mandatory for all merchants to accept mobile money in the early
stages of the COVID-19 pandemic and the National Bank of Rwanda waived fees associated
with mobile money transfers (Bizimungu, 2021). These policies improve financial inclusion
mechanically by forcing people to adopt the product in question, but our results suggest
that they might also have an adverse impact by changing attitudes towards other financial

products.

6See, for example, Demirgii¢c-Kunt, Klapper, Singer, and Ansar (2022).



2 Institutional Background

2.1 MoKash

In Rwanda, access to formal risky investments such as the stock market is very rare. For
most people, the only ways to earn a return on savings are from depositing money into a
bank account, at a microfinance institution or depositing money in an informal savings group
which lends it out within the community. Mobile phone penetration rate in Rwanda in June
2023 was 87%, but smartphone penetration only 22%.7

The financial product we introduce to our participants, MoKash, is a simple, text-
message-based service built on top of the existing mobile money infrastructure by MTN,
a mobile operator, and NCBA, a commercial bank. MoKash allows users of mobile money
to earn interest and unlocks access to loans. The interest rates earned by depositors (who
can withdraw their money at any time) typically exceed those offered by banks on fixed-
term deposits and are generally perceived as more convenient than those offered by banks.
Essentially, MoKash offers convenient access to formal saving and borrowing and can be con-
sidered a product that dominates existing alternatives, offering the convenience of mobile
money combined with the interest offered by banks.

MoKash usage is low in Rwanda. In our sample of relatively high-financial-inclusion
people, baseline usage was approximately 20%. It must be noted that every person in our
sample had a formal bank account because the university requires one for tuition payments
and a mobile money account due to rising popularity in Rwanda as a result of the pandemic.
Because of this, everyone in our sample already has some familiarity with formal financial
products. However, people generally perceived banks to be slow and expensive, and for the
parts of our sample located within Kiziba refugee camp (we describe our sample in more
detail below), visiting a bank physically involves a long journey (at least 45 minutes each

way ), which has a significant monetary cost.

"Mobile penetration based on Rwanda Utilities Regulatory Authority, smartphone penetration based on
GSMA estimate.



MoKash is based on mobile money. Prior to COVID-19, mobile money usage in Rwanda
was far from universal. However, the government’s policies to introduce mobile money
during the pandemic led substantial increases in mobile money adoption, with our sample

participants exhibiting near universal adoption.

2.2 Kepler College and Campus Locations

The study took place at Kepler College’s campuses. Kepler College is a higher learning
institution under Kepler, a NGO, offering degrees from Southern New Hampshire University,
involving remote learning combined with on-the-ground support. Kepler College also recently
received accreditation as a university and started offering its own degree programs, such as
BA in Project Management and BSc in Business Analytics. Teaching at Kepler College
focuses on professional skills, and its graduates are generally sought after by employers in
Rwanda. Kepler College’s main campus is located in Kigali, the capital of Rwanda, and it
has a secondary campus at Kiziba refugee camp in Western Rwanda. Refugees at the camp
are mostly Congolese, although the students at Kepler College are normally of the age where
they would have been born in the refugee camp and lived there their entire lives.

Kigali is well-served by financial institutions, with most Rwandan banks and all mobile
money operators having branches in the city. In addition, many microfinance institutions of-
fer savings and loan products. Kiziba refugee camp on the other hand has no bank branches.
The nearest bank branches are about 45 minutes by motorcycle, though both banks and mi-
crofinance institutions send agents to the camp regularly. Mobile money agents are prevalent

in the camp.



3 Experimental Details

3.1 Setting

We conducted our experiment between November / December 2022 and July 2023, preceded
by a pilot in October 2022, at Kepler College’s Kigali and Kiziba campuses. We invited
all Kepler College students enrolled in October 2022 to participate in our study. As the
Kigali campus is larger than Kiziba, we capped participation in Kigali at 550 while inviting
all Kiziba students to enroll. Students were told that they would participate in research on
attitudes towards financial products and would be paid for their time and offered snacks. We
initially enrolled about 500 participants in Kigali and 100 in Kiziba, although subsequent
attrition reduced our final sample to about 360 participants.

We collected baseline data at the launch of the survey and intermediate outcome data
in January 2023 and April 2023. The goal of this intermediate data collection is to study
dynamics in the development of our outcome variables - our primary analyses are based on
data collected in July 2023.

Almost everyone in our sample uses a bank account, with pre-treatment usage being
slightly higher in the Cash arm than the other treatment arms. Similarly, almost everyone

in our sample uses mobile money. However, only 20% of the sample uses MoKash for savings.

3.2 Treatment Assignment

We assigned all participants to one of three experimental conditions. As logistical issues
rendered randomization using a computer infeasible, Kepler College manually performed
the assignment into groups.® Both in Kigali and Kiziba, all students were invited into a
large room after which they were assigned to three different rooms by Kepler College staff,
each corresponding to one of the three experimental conditions. The three experimental

conditions students were assigned to were:

8This slightly deviates from our pre-registration, which envisaged randomization by computer.



Cash: Participants in this group were paid in cash at the end of every wave.

MoKash: Participants in this condition were told to open an account with MTN’s
mobile-money-linked savings product, MoKash. We then transfered money to their mobile
money accounts and instructed them to deposit this money into their MoKash account
immediately. The deposit was supervised.

MoKash + Incentive: Participants in this account were paid as in the MoKash con-
dition, but were also told that they would be given an unspecified bonus during every wave
if they could show us a minimum balance on their MoKash account. The minimum balance
was 15000 RWF (roughly 15 euros at the time of the experiment), or half of the wave 1
payment.

In our analyses, we generally pool the two MoKash treatment arms into one. In all con-
ditions, the initial cash grants were 30k RWF (about 30 Euros at the time of the experiment)
with payments of 5k to 10k RWF for all intermediate survey waves and 20k RWF at the end
of the survey. For context, the average salary of a graduate of Kepler College Kigali is about
250k RWF per month, meaning that the grant was fairly substantial for students in Kigali
and very significant for students in Kiziba.

We note that due to communication issues, latecomers in Kigali were assigned to the
two larger rooms, which happened to be the MoKash and MoKash plus incentive treatment
arms. While this represents a possible threat to our randomization protocol, we do not
observe major differences in pre-treatment observables between the treatment groups.

We also included participants from our pilot waves in the main study. We made this
decision after collecting baseline data for our entire sample but before collecting any post-
treatment data. We did this to maximize sample size given concerns about attrition. Our
final sample consists of participants who participated in the first and final waves of the

survey.

10



3.3 Experimental Protocol

In the first wave, all students who accepted the invitation to participate in the research were
invited into classroom’s on the campuses. In these classrooms, students were asked to count
up such that numbers 1 were assigned to the cash condition, 2 to the MoKash condition and
3 to the MoKash with incentives condition (late arrivals were assigned to conditions 2 and
3).

Each group was then led to a separate classroom where participants were asked to read
and sign a consent form and informed about the amount they would be paid throughout the
research project (they were not informed about the method of payment). Participants then
filled in a survey containing our baseline questions. They then received payment.

After the first wave, participants who had participated were invited to subsequent waves
with an invitation that specified a room (based on their group). In each room, a survey was

administered, followed by payments.

4 Methodology

4.1 Key Variables

Our goal is to study how being introduced to a new financial product affects attitudes and
usage of existing ones. We focus on three dimensions of attitudes, as indicated in our pre-

registration:

e Preferred financial products for saving and borrowing. The idea behind these outcomes
is that we want to measure which tools participants find most useful. As our sample
consists of students, we expect that usage of savings and borrowing products would be
relatively low, so we focus on preferences in hypothetical scenarios. However, we also
look at actual usage as a secondary outcome.

e Attitudes towards risk and debt. The idea behind these outcomes to capture broader

11



attitudes towards finance.
e Perceptions towards various formal and informal financial tools, including their conve-
nience, trust, and difficulty. These outcomes capture specific dimensions of attitudes

towards specific product categories.

We examine whether these attitudes change for participants depending on their assigned
treatment group. As mentioned above, we also pre-registered secondary outcomes related to
the usage of specific financial products. Finally, we pre-registered separate tests for people
with ex ante low financial inclusion, such as refugees. As the preliminary results for this

sample are very similar to the main sample, we pool them together in the analysis.

4.1.1 Perceptions of Other Financial Products

We measure people’s attitudes towards other financial products (other than MoKash). We
focus on three formal providers of financial services and one kind of informal financial insti-
tution: traditional mobile money, traditional banks, microfinance institutions and informal
savings groups. We also ask questions about perceptions of cash (riskiness etc.).

As each provider provides a different set of services, we create separate indexes of per-
ceptions for each one of them. For instance, mobile money is primarily used for payments
and transfers (despite people commonly using it to save), a bank can provide payments
and transfers as well as savings and borrowing, savings groups can help with savings and
borrowings, and so on. While this inconsistency of questions for different products makes
direct cross-sectional comparisons of products difficult, the perceptions index is internally
consistent for each product across survey participants. Furthermore, we focus on changes
in these perceptions over time, which means that comparisons of perception levels between
different products are not important.

Each item is measured on a scale of 1 (disagree completely) to 5 (agree completely),

indicating the level of agreement with the following statements:

e Trust (measured with the statement "I trust [X] (for instance, I trust microfinance

12



institutions).” We also include the statements "I don’t trust [X] to send money” for
mobile money and banks as well as specific subquestions on mobile money providers
and agents (we reverse the coding of this statement to be consistent with the scale
used in other questions).

e Difficulty of usage (measured with the statement ”dealing with [X] is complicated” for
banks and microfinance institutions and ”[X] is complicated” for mobile money and
savings groups).’

e Price (measured with the statements ”borrowing from [X] is expensive” for banks and
microfinance institutions as well as "sending money via [X] is expensive” for mobile

money and banks).

We take all responses, reversing the codings for certain statements so that positive per-
ceptions of a product always represent a 1, and create an index (1-5) for each product

category.

4.1.2 Preferred Way to Save and Borrow

In wave 1, we asked respondents whether they had savings and, if yes, how they kept these
savings. As savings rates among students were relatively low, we also asked: If you had to
save 50k RWF for a predictable expense in 6 months, how would you do it? with several
options (formal and informal).

Similarly, in wave 1, we asked respondents whether they had borrowed money and if so,
from where. As with the savings questions, we then rephrased the question to be more hypo-
thetical and instead asked: If you had to borrow 200k because of an unexpected emergency,
how would you do it? and offered several options, including informal ones (family, savings

group) and formal ones (mobile bank, bank) and an ”other” category.

9We also have separate items about difficulty of using banks and mobile money to transfer funds

13



4.1.3 Attitudes Towards Debt and Risk

To measure changes in people’s attitudes towards borrowing (e.g. Paaso, Pursiainen, and
Torstila (2025)) and their risk attitudes (e.g., Hong et al. (2025)), we include questions on
debt aversion and risk aversion.

We measure debt aversion with the question: Please state your level of agreement with the
following statement: I am uncomfortable with taking on debt and with 1 meaning disagree
completely and 5 meaning agree completely. The average response to this question prior to
our treatment was about 3.6, suggesting that our respondents are generally uncomfortable
with using debt.

For risk aversion, we use the question Are you in general a person who takes risks or do
you try to evade risks? where 1 denotes “I never take risks” and 5 denotes “I always take
risks”. We flip the coding of this variable in several tests so that 5 is the risk and debt averse

answer.

5 Results

5.1 Summary Statistics and Pre-treatment Covariate Balance

We begin with confirming that there are no significant differences between the control and
the treatment groups. We present pre-treatment summary statistics for key variables in our
analysis in Table 1. The sample is generally balanced across key covariates, though our
Cash treatment group is slightly more likely to use both banks and mobile money ex ante.
There are no significant differences in perceptions of financial products or demographics,

other than, perhaps, the Cash treatment having slightly fewer refugees.

14



5.2 Univariate Analysis

In Table 3, we present a similar summary statistics table at the end of wave 4. This table
provides a high-level overview of all of our key outcome variables.

There are no significant differences across most outcomes, but we see that both treatment
groups appear to have worse perceptions of banks and mobile money (the other formal
financial products) than the control group. The next sections focus on formally testing

whether these differences hold in a multivariate setting.

5.3 Perceptions of Financial Products

We then turn to a multivariate analysis of our perceptions-index variables. We begin with
an ANCOVA analysis where we regress various outcome variables on a person’s treatment
status, controlling for a range of covariates as well as the pre-treatment value of the outcome
variable.!?

We estimate the following equation in our ANCOVA analyses:

Yi4 = Po + BiTreated; + BControls + BsY;1 + €, (1)

where Y denotes the perceptions index for a given product . We control for the wave 1
measure of the outcome variable for each product. Treated is a dummy that equals one if
the participant was assigned to either the MoKash or MoKash and Incentive groups and
Controls denotes a set of individual-level controls such as socioeconomic status and financial
literacy.

We repeat the regressions twice, in Table 4 and Table 5. Table 4 presents the results
for participants who did not use MoKash prior to our experiment and Table 5 presents the
results for the full sample.

In both samples, receiving MoKash is associated with significantly worsening perceptions

10McKenzie (2012) shows that ANCOVA has significant power gains over differences-in-differences, though
the results are very similar in a differences-in-differences setup.
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of banks and mobile money, but not of informal financial products. The magnitude is equal
to a 0.25 and 0.32 (banks and mobile money) unit change on a scale of 1-5, which are roughly
10% and 20% of the pre-treatment means for the respective products.

We also present the results graphically in Figure 1, where we plot the mean of the
perceptions indexes for each product both before and after treatment. The results are in
line with the ANCOVA results and specifically show that the changes are driven by changes
in our Treated groups as opposed to the Cash arm. Figure 2 presents the dynamics of these
changes — we see an immediate gap between the treated and cash arms which widens slightly
in the final wave.

We also run a within-person differences-in-differences analysis, with individual fixed ef-
fects. The results are presented in Table 6 and are very similar to the ANCOVA results
above. This analysis also alleviates concerns that problems in the randomization process
might have affected our results by focusing on within-person changes. Any level differences

across individuals are captured by the individual fixed effects.

5.4 Preferred Saving and Borrowing Tool

Next, we test whether participants’ preferred tools for saving and borrowing changed as a
result of our treatment. For the preferred saving tool, we have data from all waves. For the
preferred borrowing tool, we are unfortunately constrained in that we did not collect these
data in wave 1. We therefore repeat our ANCOVA analyses for the preferred saving tool,
but run a cross-sectional regression on the wave 4 outcome for the preferred borrowing tool.

The results are presented in Figures 3 and 4. We see that there are no differences in
the preferred borrowing tool. However, we see that participants may have shifted their
preferences towards MoKash as a saving tool and away from banks.

We test this formally in Table 7, where we regress a dummy for whether a given product
is a participant’s preferred saving tool for a predictable expense on treatment status. The

odd-numbered columns focus on participants who did not use MoKash prior to our treatment
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whereas the even-numbered columns present results for the full sample. We see a statistically
significant change away from banks and statistically insignificant changes towards MoKash
and Mobile Money.

As with the perceptions indexes, we also run a differences-in-differences analysis of pre-

ferred saving tools. The results are presented in Table 8 and, as above, are very similar to

the ANCOVA results.

5.5 Risk and Debt Aversion

We also test whether our treatment affects the risk and debt aversion of our participants. We
present the results graphically in Figure 5, showing both variables pre- and post-treatment.
We see no significant differences between the various treatment groups on either measure,

suggesting that the treatment does not affect general attitudes towards bowworing or risk.

5.6 Use of Financial Products

Finally, we look at the usage rates of different financial products in our sample. We do this
by looking at the account balances our participants have across the three formal tools in our
research, MoKash, mobile money and their bank account.

We ask participants how much money they have in their accounts with a categorical

question with five options:

Under 10k

10k-20k

20k-40k

40k-60k

Over 60k

We regress the account balance (categorical) on treatment status in Table 9. The outcome

in the first two columns is the participant’s MoKash balance, the outcome in columns 3-
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4 is their mobile money balance and the outcome in columns 5-6 is their bank account
balance. The sample in odd-numbered columns is those who did not use MoKash prior to
the treatment. While we see that the Treated coefficient is positive in columns 1 and 2
(indicating higher MoKash balances) and negative in columns 3-6 (indicating lower balances
on other formal tools), none of the coefficients is statistically significant. We present the
results graphically in Figure 6, where we plot a histogram of the balance (category) by
treatment and similarly see a small effect where the treated are slightly more likely to use

MoKash.

6 Conclusion

We study the impact of being introduced to a new financial product on attitudes towards
existing financial products by conducting a randomized controlled trial in Rwanda. The
subjects are given cash grants either in the form of cash or a transfer to a mobile bank
account, MoKash, that arguably strictly dominates existing products — it offers the same or
higher interest than banks, while also being considerably more convenient as it is built on
the same platform as mobile money but pays interest.

We find that being introduced to the new product adversely affects people’s perceptions of
other formal financial products. This suggests that there are “contrast effects” in attitudes
towards financial products, suggesting that there are cross-product spillovers in attitudes
towards financial products.

This finding has important implications, as it suggests that financial innovation, by in-
troducing new and better financial products, may have an adverse effect on consumers’ trust
in traditional financial products. This is particularly topical as the pace of financial innova-
tion and the rise of fintech firms in the past decades has co-incided with declining trust in
traditional financial institutions since the financial crisis. Our results imply that financial

innovation might directly contribute to the worsening perceptions of traditional finance.
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Table 1
Baseline Summary Statistics

This table provides baseline (pre-treatment) summary statistics for key variables used in our
analyses. In the difference columns, 1 refers to the cash treatment, 2 refers to MoKash and 3 refers
to MoKash + Incentives. All of the ”Use of Financial Products” variables are dummies and they
are not exclusive (i.e. a person may use financial products for multiple purposes). They also refer
to whether the respondent has ever used the financial product for a certain purpose, not whether
they regularly use them for that purpose. The Attitudes variables (other than ”perceptions
indexes”) are on a 1-5 scale, with 1 denoting ”Strongly disagree” and 5 denoting ”Strongly agree.”
The perceptions indexes average out all perceptions of any given financial product and are coded
such that 1 represents favorable perceptions (higher trust, higher convenience, lower price etc.)
and 5 represents unfavorable perceptions. SES denotes the student’s family’s socioeconomic
status and is based on Rwanda’s Ubudehe categories, which are based on income, urbanity and
ownership of land. ”mm” in the final attitudes questions refers to mobile money. Financial literacy
is defined as the number of questions answered correctly on a ”big 3 + 1”-style financial literacy test.

Panel A: Demographics

(1) (2) (3) (4) (5) (6)
Cash  MoKash  MoKash+Incentive 1vs2 1vs3 2vs3
Mean Mean Mean Diff. Diff. Diff.
Demographics
Male 0.51 0.57 0.55 -0.06 -0.04 0.02
SES = Refugee 0.19 0.24 0.28 -0.05 -0.08 -0.04
SES = 1 (Lowest) 0.08 0.04 0.01 0.04 0.06* 0.02
SES =2 0.13 0.21 0.10 -0.08 0.02 0.10*
SES =3 0.56 0.49 0.54 0.07 0.02 -0.05
SES = 4 (Highest) 0.04 0.02 0.06 0.02 -0.02 -0.04
Financial literacy (0-4) (Wave 1)  2.31 2.36 2.29 -0.05 0.02 0.07
Observations 77 136 143 213 220 279
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Panel B: Baseline Summary Statistics

on @ (3) @ G ©
Cash MoKash MoKash+Incentive 1vs2 1vs3 2vs3
Mean Mean Mean Diff. Diff. Diff.
Use of Financial Products
Use Bank: To receive waves 0.75 0.68 0.73 0.07 0.02 -0.05
Use Bank: For storage 0.96 0.81 0.83 0.15%* 0.13** -0.02
Use Bank: To receive transfers 0.92 0.80 0.82 0.11*  0.09 -0.02
Use Bank: To send money 0.69 0.57 0.66 0.12 0.04 -0.09
Used bank (1m): To make a payment 0.68 0.64 0.64 0.04 0.04  -0.00
Use Bank: To participate in a savings group 0.32 0.30 0.27 0.01 0.05 0.03
Use Bank: To buy financial products 0.32 0.23 0.28 0.09 0.03 -0.05
Used bank (1m): Other 0.11 0.05 0.09 0.06 0.02 -0.03
Use MM: To store money 0.95 0.83 0.82 0.12*  0.13** 0.01
Use MM: To receive wages 0.74 0.58 0.65 0.16* 0.08 -0.08
Use MM: To receive transfers 0.97 0.95 0.87 0.02 0.11*  0.08%*
Use MM: To send payment 0.99 0.90 0.87 0.09%  0.12*¥* 0.03
Used MM (1m): To make a payment 0.90 0.85 0.85 0.05 0.06 0.01
Use MM: Take or repay loans 0.36 0.39 0.35 -0.03 0.01 0.04
Use MM: Participate in savings group 0.36 0.30 0.30 0.05 0.05 0.00
Use MM: To buy financial products 0.60 0.52 0.50 0.08 0.10 0.02
Use MM: Other 0.14 0.09 0.12 0.05 0.02 -0.03
Pre-treatment: Uses MoKash for Saving 0.22 0.21 0.20 0.01 0.02 0.00
Perceptions Indexes (1-5)
Perceptions index: Banks 2.34 2.35 2.44 -0.01  -0.10 -0.09
Perceptions index: MM 1.78 1.72 1.86 0.06 -0.08 -0.13*
Perceptions index: Microfinance 2.84 2.78 3.00 0.07 -0.16  -0.23**
Perceptions index: Savings group 2.87 2.91 2.99 -0.04 -0.12  -0.07
Attitudes - Banks (1-5)
Dealing with a bank is complicated 2.81 2.51 2.78 0.30 0.03 -0.27*
Sending money via bank is slow 2.39 2.55 2.61 -0.16  -0.22  -0.06
Sending money via bank is difficult 2.09 2.22 2.27 -0.13  -0.17  -0.05
Sending money via bank is expensive 2.61 2.66 2.64 -0.05  -0.03 0.03
Banks can gen. be trusted (REV CODING) 1.81 1.83 1.93 -0.03 -0.12 -0.10
Attitudes - MM (1-5)
Dealing with a mm is complicated 1.75 1.60 1.73 0.15 0.03 -0.12
Sending money via mm is slow 2.19 2.12 2.41 0.07 -0.21 -0.28%*
Sending money via mm is expensive 1.58 1.66 1.71 -0.08 -0.12 -0.04
Sending money via mm is difficult 1.44 1.40 1.44 0.04 0.00 -0.04
MM providers can gen. be trusted (REV CODING) 1.92 1.82 2.00 0.11  -0.08 -0.18*
MM agents can gen. be trusted (REV CODING) 2.88 2.74 2.87 0.14 0.02 -0.12
Attitudes - Microfinance (1-5)
Borrowing from a mf is difficult 2.82 2.86 3.13 -0.04  -0.31% -0.27*
Borrowing from a mf is expensive 2.94 2.87 3.10 0.07 -0.17  -0.24%*
I trust microfinance institutions (REVERSED CODING) 2.78 2.60 2.78 0.18 0.00 -0.17
Attitudes - Savings group (1-5)
I trust savings group (REVERSED CODING) 2.87 2.93 2.94 -0.06  -0.07 -0.01
Savings groups are complicated 2.87 2.90 3.03 -0.03 -0.16 -0.14
Other Attitudes (1-5)
Uncomfortable with taking on debt 3.60 3.80 3.59 -0.20 0.01 0.21
Risk Aversion (5 = Risk Averse) 2.23 2.43 2.45 -0.19 -0.22 -0.03
Observations 7 136 143 213 220 279
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Table 3
Wave 4 Univariate Differences

This table provides univariate differences in key variables at the end of the final wave of data
collection. In the difference columns, 1 refers to the cash treatment, 2 refers to MoKash and 3
refers to MoKash + Incentives. The ”Preferred saving” variables denote the respondent’s answer
to the question ”If you had to save 50k RWF (about 50 EUR) for a predictable expense in 6 months,
how would you do it?” The ” Preferred borrowing” variables denote the respondent’s answer to the
question ”If you had to borrow 200k RWF for an unexpected expense, how would you do it?”
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(1) (2) ®3)

(4)

()

(6)

Cash MoKash MoKash+Incentive 1vs2 1vs3 2vs3

Mean Mean Mean Diff. Diff. Diff.
Use of Financial Products
Used bank (1m): To withdraw money 0.51 0.60 0.66 -0.10  -0.15* -0.05
Used bank (1m): To make a payment 0.39 0.32 0.30 0.07 0.09 0.02
Used bank (1m): Other 0.27 0.25 0.24 0.02 0.03 0.01
Used bank (1m): To make a deposit 0.39 0.37 0.36 0.02 0.03 0.01
Used MM (1m): To make a payment 0.79 0.68 0.77 0.11 0.02  -0.09
Used MM (1m): To withdraw money 0.70 0.71 0.71 -0.01  -0.00 0.01
Used MM (1m): To make a deposit 0.56 0.53 0.58 0.03  -0.02 -0.05
Used MM (1m): Other 0.30 0.27 0.27 0.03 0.03 0.01
Preferred Methods of Saving
Preferred saving: Bank 0.52 0.40 0.43 0.12 0.09  -0.02
Preferred saving: Savings group 0.09 0.10 0.09 -0.00 0.00 0.00
Preferred saving: MM 0.16 0.25 0.17 -0.09 -0.02 0.08
Preferred saving: MoKash 0.22 0.25 0.31 -0.03 -0.09 -0.06
Preferred borrowing: Family 0.70 0.75 0.77 -0.05 -0.07 -0.02
Preferred borrowing: Bank 0.31 0.26 0.28 0.05 0.03 -0.02
Preferred borrowing: Savings group 0.21 0.19 0.16 0.02 0.05 0.03
Preferred borrowing: MoKash 0.23 0.26 0.24 -0.02  -0.01 0.01
Preferred borrowing: Other 0.03 0.01 0.03 0.02 -0.00 -0.02
Perceptions Indexes (1-5)
Perceptions index: Banks 2.53 2.79 2.79 -0.26%  -0.25* 0.01
Perceptions index: MM 2.09 2.35 2.32 -0.26%  -0.24*  0.02
Perceptions index: Microfinance 2.93 3.04 3.05 -0.11  -0.12  -0.01
Perceptions index: Savings group 3.06 3.05 3.14 0.01 -0.08  -0.08
Attitudes - Banks (1-5)
Dealing with a bank is complicated 2.92 3.01 3.10 -0.09 -0.18 -0.09
Sending money via bank is slow 2.61 2.98 2.83 -0.37%  -0.21 0.15
Sending money via bank is difficult 2.34 2.71 2.66 -0.37*  -0.32*  0.05
Sending money via bank is expensive 2.82 3.07 3.06 -0.26  -0.24 0.01
Banks can gen. be trusted (REV CODING) 1.97 2.18 2.28 -0.21  -0.31* -0.10
Attitudes - MM (1-5)
Dealing with a mm is complicated 2.00 2.51 2.29 -0.51%*% -0.29 0.23
Sending money via mm is slow 2.39 2.53 2.56 -0.14  -0.17  -0.03
Sending money via mm is expensive 1.92 2.26 2.20 -0.34*%  -0.27 0.06
Sending money via mm is difficult 1.97 2.23 2.29 -0.25 -0.31  -0.06
MM providers can gen. be trusted (REV CODING) 2.14 2.20 2.28 -0.06 -0.14 -0.08
MM agents can gen. be trusted (REV CODING) 2.73 2.55 2.87 0.18 -0.15  -0.32%*
Attitudes - Microfinance (1-5)
Borrowing from a mf is difficult 3.16 3.19 3.23 -0.04 -0.07 -0.04
Borrowing from a mf is expensive 3.10 3.24 3.22 -0.14  -0.11 0.03
I trust microfinance institutions (REVERSED CODING)  2.53 2.68 2.71 -0.15  -0.18 -0.03
Attitudes - Savings group (1-5)
I trust savings group (REVERSED CODING) 3.06 2.94 3.03 0.12 0.03  -0.09
Savings groups are complicated 3.05 3.16 3.24 -0.11 -0.19 -0.08
Other Attitudes (1-5)
Uncomfortable with taking on debt 3.22 3.23 3.13 -0.01 0.09 0.10
Risk Aversion (5 = Risk Averse) 2.31 2.45 2.48 -0.14  -0.16  -0.03
Observations 7 136 143 213 220 279
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Table 4

Perceptions Index ANCOVA — Non-users

This table presents regression results for the restricted sample (people who did not use MoKash prior to our experiment) where the
outcome variable is the “Perceptions index” for various financial product categories (1 - positive perceptions, 5 - negative perceptions).
The perceptions index is created by averaging all perceptions-related variables for each financial product. Wave 4 denotes the final wave
of data collection, the Treated variable pools both of our treatments (MoKash and MoKash and Incentive). The omitted category is

those people who received cash.

Banks Mobile Money Microfinance Savings Groups
(1) (2) (3) (4) (5) (6) (7) (8)
Treated 0.2570%* 0.2446** 0.3171%**  0.3299%**  (0.1018 0.1287 —0.0567 —0.0508
(0.1082)  (0.1114)  (0.1118)  (0.1125)  (0.1019)  (0.1036)  (0.1310)  (0.1347)
Pre-treatment bank perceptions 0.3844%**%  (.3898***
(0.0668)  (0.0686)
Pre-treatment mobile money perceptions 0.4079***  0.4136***
(0.0899)  (0.0888)
Pre-treatment microfinance perceptions 0.1878***  (.1857***
(0.0597)  (0.0603)
Pre-treatment savings group perceptions 0.1435** 0.1564**
(0.0656)  (0.0673)
Financial literacy (0-4) (Wave 1)=1 0.5013* 0.3555%* 0.2710 0.1471
(0.2728) (0.1462) (0.1953) (0.4422)
Financial literacy (0-4) (Wave 1)=2 0.5516%* 0.5182%** 0.2174 0.3884
(0.2697) (0.1405) (0.1800) (0.4361)
Financial literacy (0-4) (Wave 1)=3 0.5481** 0.5546%** 0.1987 0.2806
(0.2688) (0.1457) (0.1823) (0.4328)
Financial literacy (0-4) (Wave 1)=4 0.6809** 0.4144%* 0.2402 0.1635
(0.2779) (0.2404) (0.2063) (0.4369)
Socioeconomic status=1 —0.2307 0.1869 0.3494* —0.0911
(0.2150) (0.2667) (0.1989) (0.2592)
Socioeconomic status=2 0.0741 0.0803 0.1597 —0.1524
(0.1526) (0.1803) (0.1317) (0.1708)
Socioeconomic status=3 0.0537 0.2105* 0.1507* —0.0248
(0.1125) (0.1192) (0.0860) (0.1144)
Socioeconomic status=4 0.1120 —0.0004 0.1683 0.1401
(0.1966) (0.2420) (0.1537) (0.2540)
Male=1 0.2053** 0.2282** 0.1077 0.1260
(0.0900) (0.0988) (0.0732) (0.0902)
Constant 1.6695%*F*  0.9733***  1.3621%*F*  (0.5882***  2.4084***  1.9941***  2.7080***  2.3411%**
(0.1817)  (0.3156)  (0.1794)  (0.2083)  (0.1877)  (0.2680)  (0.2372)  (0.5054)
N 286 285 286 285 286 285 286 285
R? 0.149 0.182 0.101 0.138 0.058 0.085 0.023 0.050
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Table 5

Perceptions Index ANCOVA — Full Sample

This table presents regression results for the entire sample where the outcome variable is the “Perceptions index” for various financial
product categories (1 - positive perceptions, 5 - negative perceptions). The perceptions index is created by averaging all perceptions-
related variables for each financial product. Wave 4 denotes the final wave of data collection, the Treated variable pools both of our
treatments (MoKash and MoKash and Incentive). The omitted category is those people who received cash.

Banks Mobile Money Microfinance Savings Groups
(1) (2) (3) (4) (5) (6) (7) (8)
Treated 0.2144** 0.1950** 0.2483** 0.2587** 0.1024 0.1284 0.0152 0.0223
(0.0962)  (0.0982)  (0.1020)  (0.1006)  (0.0932)  (0.0950)  (0.1131)  (0.1153)
Pre-treatment bank perceptions 0.4280***  (0.4378%**
(0.0583)  (0.0587)
Pre-treatment mobile money perceptions 0.4736***  (0.4835%**
(0.0794)  (0.0786)
Pre-treatment microfinance perceptions 0.2216%**  (.2202%**
(0.0552)  (0.0562)
Pre-treatment savings group perceptions 0.1731***  (.1855%**
(0.0582)  (0.0600)
Financial literacy (0-4) (Wave 1)=1 0.3781 0.2594 0.0840 —0.0472
(0.2430) (0.2457) (0.3072) (0.3403)
Financial literacy (0-4) (Wave 1)=2 0.5181** 0.5215%* 0.0663 0.1302
(0.2345) (0.2414) (0.3007) (0.3305)
Financial literacy (0-4) (Wave 1)=3 0.4175% 0.3951 —0.0062 0.0077
(0.2360) (0.2444) (0.2989) (0.3270)
Financial literacy (0-4) (Wave 1)=4 0.7338%** 0.3538 0.0308 —0.1183
(0.2736) (0.3073) (0.3228) (0.3300)
Socioeconomic status=1 —0.2528 0.2693 0.4817** 0.0201
(0.2330) (0.2790) (0.2018) (0.2006)
Socioeconomic status=2 0.1646 0.1607 0.1783 —0.0471
(0.1283) (0.1522) (0.1125) (0.1457)
Socioeconomic status=3 0.1169 0.2444** 0.1467* 0.0170
(0.1012) (0.1062) (0.0847) (0.1060)
Socioeconomic status=4 0.0903 0.0421 0.0023 —0.0765
(0.1855) (0.1803) (0.1865) (0.2062)
Male=1 0.2311%** 0.2331%** 0.1081 0.1250
(0.0815) (0.0893) (0.0691) (0.0807)
Constant 1.6016%**  0.9276***  1.2926%**  0.5657** 2.3031%F%*  2.0688***  2.5690%**  2.42]19%**
(0.1653)  (0.2837)  (0.1558)  (0.2801)  (0.1831)  (0.3650)  (0.2108)  (0.4141)
N 361 360 361 360 361 360 361 360
R? 0.163 0.209 0.116 0.155 0.066 0.099 0.032 0.051




Table 6
Perceptions Index Difference-in-Differences

This table presents regression results where the outcome variable is the “Perceptions index” for
various financial product categories (1 - positive perceptions, 5 - negative perceptions). The
perceptions index is created by averaging all perceptions-related variables for each financial
product. Wave 4 denotes the final wave of data collection, the Treated variable pools both of our
treatments (MoKash and MoKash and Incentive). All regressions include respondent fixed effects.
The sample consists of people who did not use MoKash prior to our treatment.

Banks Mobile Money Microfinance Savings Groups
(1) (2) (3) (4)
wave=4 0.2381** 0.3016*** 0.2381 0.1587
(0.0938) (0.1083) (0.1502) (0.1088)
Treated=1 x wave=4 0.2115* 0.3002** —0.0985 —0.0206
(0.1107) (0.1237) (0.1631) (0.1216)
Individual FE Yes Yes Yes Yes
N 570 570 570 570
R? 0.705 0.678 0.582 0.619
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Table 7
Preferred Saving Tool - ANCOVA

This table presents regression results where the outcome variable is a dummy that takes the value of 1 if a person’s answer to the
question If you had to save 50k RWF for a predictable expense in 6 months, how would you do it? in Wave 4 is a bank (columns 1-2),
an informal group (cols 3-4), mobile money (5-6) and MoKash (7-8). The Treated variable pools both of our treatments (MoKash and
MoKash and Incentive).

Banks Informal Group Mobile Money MoKash
(1) (2) (3) (4) (5) (6) (7) (8)
Non-users Full Non-users Full Non-users Full Non-users Full
Treated —0.1413**  —0.1018 0.0218 0.0042 0.0396 0.0585 0.0828 0.0510
(0.0706) (0.0634) (0.0406) (0.0372) (0.0563) (0.0463) (0.0592) (0.0547)
Pre-treatment: Bank 0.1737*%**  (0.1825***
(0.0615) (0.0552)
Pre-treatment: Informal Group —0.0105 0.0703
(0.0523) (0.0549)
Pre-treatment: Mobile Money 0.1206** 0.1388%**
(0.0608) (0.0530)
Pre-treatment: MoKash 0.1062 0.1121%*
(0.0768) (0.0676)
Financial literacy (0-4) (Wave 1)=1 0.1183 0.1497 —0.1729 —0.3121 0.0279 0.0969 0.0531 0.0726
(0.2458) (0.2231) (0.2161) (0.1964) (0.2455) (0.1807) (0.2354) (0.1702)
Financial literacy (0-4) (Wave 1)=2 0.1198 0.1010 —0.1722 —0.2850 —0.0388 0.0344 0.1268 0.1708
(0.2402) (0.2180) (0.2136) (0.1946) (0.2403) (0.1747) (0.2311) (0.1653)
Financial literacy (0-4) (Wave 1)=3 0.0962 0.0957 —0.1217 —0.2518 —0.0019 0.0596 0.0450 0.1043
(0.2402) (0.2178) (0.2154) (0.1964) (0.2402) (0.1753) (0.2298) (0.1645)
Financial literacy (0-4) (Wave 1)=4 0.1216 0.1304 —0.1642 —0.2978 —0.0356 0.0427 0.1060 0.1362
(0.2762) (0.2476) (0.2223) (0.2012) (0.2593) (0.1924) (0.2555) (0.1904)
Socioeconomic status=1 —0.1445 —0.0876 —0.0878**  —0.1052** 0.1977 0.2526* 0.0214 —0.0669
(0.1510) (0.1462) (0.0401) (0.0417) (0.1869) (0.1521) (0.1593) (0.1230)
Socioeconomic status=2 0.1286 —0.0034 0.0540 0.0505 —0.0503 —0.0219 —0.1374 —0.0328
(0.0994) (0.0868) (0.0675) (0.0585) (0.0820) (0.0681) (0.0858) (0.0790)
Socioeconomic status=3 0.1701** 0.0910 —0.0356 —0.0300 —0.0623 —0.0149 —0.0876 —0.0608
(0.0730) (0.0661) (0.0430) (0.0380) (0.0634) (0.0542) (0.0670) (0.0586)
Socioeconomic status=4 —0.1057 —0.1282 —0.0041 0.0254 0.0621 0.0479 0.0672 0.0655
(0.1208) (0.1161) (0.1078) (0.0892) (0.1517) (0.1144) (0.1726) (0.1376)
Male=1 0.0835 0.0765 —0.0368 —0.0323 —0.0523 —0.0191 —0.0072 —0.0298
(0.0580) (0.0524) (0.0360) (0.0316) (0.0503) (0.0434) (0.0530) (0.0479)
N 285 360 285 360 285 360 285 360

R? 0.090 0.067 0.030 0.044 0.043 0.051 0.039 0.026




Table 8
Preferred Saving Tool - Difference-in-Differences

This table presents regression results where the outcome variable is a dummy that takes the value
of 1 if a person’s answer to the question If you had to save 50k RWF for a predictable expense
in 6 months, how would you do it? in Wave 4 is a bank (columns 1-2), an informal group (cols
3-4), mobile money (5-6) and MoKash (7-8). The Treated variable pools both of our treatments
(MoKash and MoKash and Incentive). All regressions include respondent fixed effects. The
sample consists of people who did not use MoKash prior to our treatment.

Banks Savings Group Mobile Money MoKash
(1) (2) (3) (4)
wave=4 0.1429 —0.1587** —0.0635 0.0635
(0.0868) (0.0645) (0.0632) (0.0632)
Treated=1 x wave=4 —0.1474 0.1497** —0.0086 0.0446
(0.0959) (0.0703) (0.0743) (0.0733)
Individual FE Yes Yes Yes Yes
N 570 570 570 570
R? 0.602 0.508 0.575 0.556
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Table 9

Account Balance Regressions

This table presents regression results where the dependent variable is the participant’s balance
in a given financial instrument (categorical variable). The outcome variable is on a 1-5 scale,
where 1 denotes a balance below 10k RWF, 2 denotes 10-20k, 3 denotes 20-40k, 4 denotes 40-60k
and 5 over 60k. Treated is a variable that pools both of our MoKash and MoKash + Incentive
treatments. The sample in columns 1, 3, and 5 is respondents who did not have a MoKash account
before treatment whereas the sample in columns 2, 4 and 6 is the entire sample.

MoKash Mobile Money Bank
(1) (2) (3) (4) (5) (6)
Non-users Full Non-users Full Non-users Full
Treated 0.0920 0.0981 -0.1037 -0.0495 -0.1483 -0.1301
(0.1595)  (0.1451)  (0.1710)  (0.1483)  (0.2025)  (0.1821)
Financial literacy (0-4) (Wave 1)=1  0.8112*** (0.8853*** 0.7668** 0.6806** 0.9687*** 1.1032%**
(0.2186)  (0.2111)  (0.3088)  (0.2832)  (0.2385)  (0.2097)
Financial literacy (0-4) (Wave 1)=2 1.0710%**  1.0110%** 0.7232%F* (.7121%%% 1.0824*** 1.1976***
(0.1909)  (0.1620)  (0.2682)  (0.2553)  (0.2055)  (0.1582)
Financial literacy (0-4) (Wave 1)=3 0.8797*F** (0.7438*** (0.6816**  (0.5918**  (0.9373*** (.8627***
(0.1752)  (0.1536)  (0.2726)  (0.2590)  (0.1836)  (0.1410)
Financial literacy (0-4) (Wave 1)=4 1.2247%%*% (0.9787*** (.6897* 0.4754 1.3957*%* 1.1314%**
(0.4168)  (0.3430)  (0.3911)  (0.3441)  (0.4768)  (0.3826)
Socioeconomic status=1 -0.8147*%%* _0.4957*  -0.4616 -0.2897 -0.4032 -0.2155
(0.2421)  (0.2830)  (0.3612)  (0.3123) (0.4763)  (0.3681)
Socioeconomic status=2 -0.3232 -0.2195 -0.2538 -0.2898 -0.3935 -0.2647
(0.2411)  (0.2142)  (0.2257)  (0.1936)  (0.2693)  (0.2450)
Socioeconomic status=3 -0.3518*  -0.4449*** _0.4265*%* -0.4685*** -0.2579 -0.1704
(0.1944)  (0.1702)  (0.1755)  (0.1517)  (0.2197)  (0.1935)
Socioeconomic status=4 0.2652 0.4349 -0.1016 -0.2203 0.2208 0.4176
(0.5203)  (0.4404)  (0.4580) (0.3283)  (0.4915)  (0.4143)
Male=1 0.0036 0.0274 0.0865 0.1692 0.0621 0.1661
(0.1428)  (0.1291)  (0.1207)  (0.1163)  (0.1661)  (0.1499)
N 269 343 284 359 274 347
R? 0.047 0.061 0.036 0.050 0.029 0.037

34



Figure 1: Perceptions Index

This figure shows the mean perception indices for three groups before and after treatment.
The figure on the left includes the full sample, while the figure on the right focuses solely on
participants who had not used MoKash before the experiment.
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Figure 2: Perceptions Dynamics

This figure illustrates the evolution of mean perception indices for the entire group through-
out the experiment. The blue line represents the mean perception index for the cash group,
while the red line indicates the mean perception index for the participants in the two MoKash
treatment groups (pooled). The Y-axis is the perceptions index, where 5 denotes the worst
perceptions and 1 the best perceptions. The sample is those participants who did not report
using MoKash prior to our treatments.
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Figure 3: Preferred Saving Tools

This figure presents the proportion of participants selecting each possible tool as their preferred
savings device (“If you had to save 50k RWF for a predictable expense in 6 months, how would
you do it?”), divided by timing (pre- and post-treatment) as well as treatment group.
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Figure 4: Preferred Borrowing Tools

This figure presents the proportion of participants selecting each possible tool as their pre-
ferred savings device (“If you had to borrow 200k RWF for an emergency, how would you
do it?”), divided by treatment group (unfortunately, we did not elicit this measure pre-
treatment). The sample in odd-numbered columns (1, 3, 5 and 7) consists of participants
who did not use MoKash prior to our experiment whereas the sample in even-numbered
columns is the full sample.
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Figure 5: Risk and Debt Aversion

This figure plots risk aversion and debt aversion measures before (Pre) and after (Post) our

treatment. The figure on the left covers the full sample whereas the figure on the right only
includes those participants who did not use MoKash prior to our treatment.
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Figure 6: Balances

This figure plots the distribution of account balances across various formal financial products.
The balance variable is on a 1-5 scale, where 1 denotes a balance below 10k RWF, 2 denotes
10-20k, 3 denotes 20-40k, 4 denotes 40-60k and 5 over 60k. Pooled Treated group pools both
of our MoKash and MoKash + Incentive treatments. The sample is participants who had
not used MoKash prior to the treatment.
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